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why GAMSs?
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Backwards Model Selection
Y;=b+ g,(X;) + 9,(Xy) + g20XK5) + ... +g

dropping one term at a time, starting by the least
significant.

Minimizing the GCV (general cross validation) ~ A1C

trade off between fit and complexity.



Which variables enter the final model

What the functional relation looks like
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apart from the predicting ability
Can we infer any ecological information?

Upwelling effect Role of Advection



Surface TEMPERATURE



apart from the predicting ability
Can we infer any ecological information?

Upwelling effect Role of Advection

Food web structure Grazing vs. Microbial



Surface TEMPERATURE



plankton food webs
grazing/classical vs. microbial loop
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apart from the predicting ability
Can we infer any ecological information?

Upwelling effect Role of Advection
Food web structure Grazing vs. Microbial

Nutrient Limitation Phosphate vs. Nitrate/Silicate
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These models are able to reasonably reproduce the
spatio-temporal plankton dynamics.

They can gives us some clues about how the environment
structures the plankton.

The can be used to predict how the system would change
If the environment changes.
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